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Additional system: Webis (W), SemEval 2015 (Ensemble of four classifiers)
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e Tools: POS-tagging, multiword expression, hashtag expansion
— Semantic similarity implies affective similarity: SAM “Distributional
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e Two step feature selection, Naive Bayes (NB) tree classifier Baseline (B) : 0.821

SubTask Winner Tweester 'tl'mv\;ester TM : 0.753

CNN :0.752
A 0.633 0.608 0.624 B--CNN: 0.827
B--CNN+TM:0.818
B 0.797 0.797 0.827 Without B: 0.765

Without TM: 0.78
D 0.034 0.027 0.027 Without CNN: 0.798
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Topic Modeling - based System (TM)

e Adapt semantic space on each tweet

~—— e LDA — detect topics (16)— split corpus —

Data a semantic model (SM) for each subcorpus— -
tweet-adapted semantic model S(-)
(weighted mixture of SMs) — affective ratings

N
Word2Vec-based System

e General purpose data: a Web Tweester best: using subset of the systems

Snippet corpus (116M), ANEW

o [witter dataset: 115M tweets
(created for tweester)

e SemkEval provided:

— Substask. A: train 2013/2016
— Substask. B: train 2016

#EndOfStory

e Creating domain relevant polarity lexica boosts performance
e New idea: Topic modeling tweet adaptation
e Focus effort on 3-class problem and systems diversity
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e Relies on tweet's semantic representation
e Represent each word as vectors, and average to represent tweet
e Random Forest classifier, with tweet embedding features




